
 

Computer Science 340 
Introduction to  

Artificial Intelligence 
Course Syllabus 

 

Instructor Information 
 

Instructor:  Dr. Edward Kent Palmer (Goes by “Kent”) 
Campus Box:  776 
Office:  Newcomer 4 
Office Hours:  Monday 10:45-11:30, Tuesday 1:45-3:00, Thursday 3:00-4:00 
 I am also in my office most evenings (other than Wednesday) 
Office Phone:  (574) 535-7024 
Home Phone:  (574) 606 -8917  
Google Voice:  (530) 588-0662   (use for SMS messages)  
E-mail:  kpalmer@goshen.edu  
 

Course Information 
 

Web Site: https://moodle.goshen.edu/ 
Semester:  Spring 2013 
Day & Time: Monday, Wednesday, Friday 1 PM-1:50 PM 
Room:  Union 04 
  

Course Description:  
 
CoSc 340 Introduction to Artificial Intelligence. An introduction to basic concepts in artificial 
intelligence: state spaces, search, heuristics, knowledge representation, problem-solving 
paradigms, rule-based systems and neural networks. Some examples of applications  
in natural language processing, speech, vision, robotics, expert system or machine learning 
are presented. Prerequisite: CoSc 215. 

 
Learning Outcomes 

At  the  completion  of  this  course  students  should  have:  
  

• A basic understanding of theory that underlies machine learning and computational 
intelligence 

• An appreciation of the potential of artificial intelligence to solve problems 
• An understanding of the limitations of artificial intelligence and the ability to recognize 

problems that are not well suited to solving using artificial intelligence  
• The ability to write programs that recognize patterns in a data set 
• A familiarity with tagged data sets 
• The ability to use machine learning, naïve bayes classification, and maximum entropy 

classification algorithms in computer programs  



 

•  

Required Texts: 
   
Natural Language Processing with Python: 
Analyzing Text with the Natural Language Toolkit 
(2009) Steven Bird, Ewan Klein, Edward Loper. 
Sebastopol, CA: O'Reilly Media, Inc. ISBN: 978-
0-596-51649-9 Available online at: 
http://nltk.org/book/  
 
 
Machine Learning in Action (2012)Peter 
Harrington. Shelter Island: NY:Manning 
Publications Co. ISBN: 978161729018. 

 

Software: 
Python 2.7:             http://python.org/download/releases/2.7.3/  
Natural Language Toolkit: http://nltk.org/install.html  
Natural Language toolkit data: http://nltk.org/data.html  
Matplotlib: http://matplotlib.org/users/installing.html  
Numpy: http://www.scipy.org/Download   
Scipy: http://www.scipy.org/Download    
Beautiful Soup: http://www.crummy.com/software/BeautifulSoup/bs4/doc/  
Optional an IDE for Python: 
 
I intend to use Wing PRO on the Mac OS: 
http://wingware.com/downloads/wingide/4.1.9-1/binaries 
Wing 101 is free and does not require a key to install. E-mail me for a key, if you want the pro version 
instead of Wing 101. 

 
Assignments:  

 
In general, late assignments will not be accepted in this course.  If you cannot make a class 

please turn in your assignment in advance. If you cannot turn in the assignment in advance for some 
reason please e-mail it or send it with another student.  

 
If you make arrangements in advance and get permission to turn in an assignment late, credit 

will still be reduced by 5% for each day an assignment is late. But that is still better than a zero, 
which you will receive if you do not obtain advance permission 
 

Quizzes: 
 

There may or may not be quizzes in this course. Quizzes may be announced in advance and or 
not. I sometimes give them at the beginning of the hour, some at the end of the hour, and some will be 
completed out of class. In general quizzes cannot be made up. Most quizzes will be given using 
moodle. 

 

Class Participation:  
 

Class participation consists of attending class, active listening, participating in discussions, 
asking and  answering questions, following along with in-class exercises, etc. 



 

General Advice: 
 
Read the text and do the exercises.  Write down questions to ask in class, during office hours, 

or of other students.  Actually ask those questions.  Attend class and actively participate.  Make use of 
the teaching assistants.  Discuss lectures, assignments, readings, and exercises with other students.  
Schedule a regular time and place for group study.   

 
Try pair programming.  Review with others for the exams. Collaboration can help learning, 

but simple copying hinders learning.  Schedule sufficiently long periods of study with breaks for other 
courses, activities, sleep, and so forth.  

 
Do not cram for exams. Do not work on programs for too long in a single stretch. Schedule 

some time for reflection on and synthesis of what you have been learning. Expect to spend at least 8 
hours per week outside of class. 
 

Class Attendance:  
 

In this class, students may miss up to four times without any grade penalty whether an absence 
is excused or unexcused. Beginning with the fifth absence a student’s grade will be reduced by 3% for 
each unexcused absence. If an absence is excused there is no grade penalty. Students should notify the 
instructor in advance of an absence.  
 

If you do have to miss a class for any reason, be sure to turn in any assignments in advance 
and check what was covered in class and whether any additional assignments were given.  
 

Pair Programming 
              Pair programming consists of two programmers working side-by-side, collaborating on the 
same design, algorithm, code, or test. One programmer, the driver, has control of the keyboard/mouse 
and actively implements the program. The other programmer, the observer, continuously observes the 
work of the driver to identify tactical (syntactic, spelling, etc.) defects and also thinks strategically 
about the direction of the work. On demand, the two programmers can brainstorm any challenging 
problem. Because the two programmers periodically switch roles, they work together as equals to 
develop software. (Laurie Williams, North Carolina State University Computer Science, 
williams@csc.ncsu.edu, obtained from www.pairprogramming.com). You may complete open 
assignments using the pair programming alternative. To do so, you must (1) be visually engaged in the 
pair programming process during class time, (2) include both student names in all source files, and (3) 
submit all files to the drop box of a single student of the pair. 

 
Academic Honesty: 

 

You are encouraged to use all available resources in order to learn the concepts and techniques discussed in this 
course. In particular, conversations with other students, teaching assistants, and the instructor can be an effective 
learning method. Reading other books and web pages can be another effective learning method. However, 
copying someone else's code subverts the learning process.   

For open assignments, you may look at and discuss another student's code, but you may not create or receive any 
written record during the discussion. You should give written acknowledgement to people with whom you have 
had discussions and written materials that were helpful.   

For closed assignments, you may not converse with anyone other than the instructor.   

For exams, you may not use any resources unless a specific exception is stated by the instructor.  

Failure to observe the above rules will result in a penalty ranging from a zero on the assignment or exam to 
immediate failure of the course. Any violation of academic integrity will be reported to the Academic Dean. 



 

 
Note from Dean’s Office on Academic Honesty: 

 
 "Papers you submit in this course will be checked for plagiarized material copied from the web, other 
student papers, and selected on-line databases.  Cases of plagiarism are reported to the Associate Dean.  
Penalties for plagiarism are listed in the college catalog and range from redoing the assignment to dismissal from 
the college." 
 

Statement Regarding Disability Accommodations 
 

 
 Goshen College wants to help all students be as academically successful as possible.  If you have a 
disability and require accommodations, please contact Lois Martin, the Director of the Academic Resource & 
Writing Center early in the semester. In order to receive accommodations, documentation concerning your 
disability must be on file with the Academic Resource & Writing Center, Good Library 113, x7576, 
lmartin@goshen.edu .  All information will be held in the strictest confidence. 
 

Academic Assistance Available for All Students:  
 

  The Academic Resource & Writing Center offers tutoring and writing assistance for all students.  For 
further information please see http://www.goshen.edu/studentlife/arwc . 
 
Grade Distribution (Project Light): 
 
Component Percentage 
Exams  (15% Each) 45 % 
Assignments & quizzes 45 % 
Project 10 % 
 
 
Grade Distribution (Project Heavy): 
 
Component Percentage 
Exams  (15% Each) 45 % 
Assignments & quizzes 30 % 
Project 25 % 
 

 
Grading Scale: 
 
Level Grade Percentage 
10 A 95 – 100% 
9 A- 90 – 94.99% 
8 B+ 85 – 89.99% 
7 B 80 – 84.99% 
6 B- 75 – 79.99% 
5 C+ 70 – 74.99% 
4 C 65 – 69.99% 
3 C- 60 – 64.99% 
2 D+ 55 – 59.99% 
1 D 50 – 54.99% 
0 F 0 – 49.99% 

 
 
  

Tentative Course Schedule: 
 

Exam 1 Friday, February 8 
Exam 2 Wednesday, March 29  

 

Project presentations: ??? 

 
Final Exam: Tuesday,  April 23,  1:00 p.m.. Exam will be comprehensive.  
 
 



 

Tentative Course Outline: (Will be adjusted to meet student needs/interests during the semester): 
 
 

Date Class topic Natural Language 
Book  

Machine 
Learning Book 

Jan 9 Language Processing and Python  Chapter 1  
Jan 11 Language Processing and Python Chapter 1  
Jan 14 Language Processing and Python Chapter 1  
Jan 16 Accessing Text Corpora Chapter 2  
Jan 18 Lexical Resources Chapter 2  
Jan 21 Martin Luther King   
Jan 23 Processing Raw Text Chapter 3  
Jan 25 Normalizing Data Chapter 3  
Jan 28 Sequences Chapter 4  
Jan 30 Functions Chapter 4  
Feb 1 Tagging Chapter 5  
Feb 4 Automatic Tagging Chapter 5  
Feb 6 Determining the Category of Word Chapter 5  
Feb 8 Exam 1       
Feb 11 Machine Learning Chapter 6  
Feb 13 Decision Trees Chapter 6  
Feb 15 Naïve Bases Classifiers Chapter 6  
Feb 18 Information Extraction Chapter 7  
Feb 20 Chunkers Chapter 7  
Feb 22 Entity Recognition Chapter 7  
Feb 23 - Mar 3 Spring Break   
Mar 4 Machine Learning Basics  Chapter 1 
Mar 6 k-nearest neighbors   Chapter 2 
Mar 8 Decision Trees  Chapter 3 
Mar 11 Naïve Bayes  Chapter 4 
Mar 13 Logistic Regression    Chapter 5 
Mar 15 Discuss balance between project and 

finishing the rest of the book  
  Chapter 5 

Mar 18 Vector Machines  Chapter 6 
Mar 20 Vector Machines  Chapter 6 
Mar 22 Ada boost  Chapter 7 
Mar 25  Ada boost  Chapter 7 
Mar 27 Exam 2   
Mar 29 Easter Break   
Apr 1 Best-fit  Chapter 8 
Apr 3 Shrinking Coefficients  Chapter 8 
Apr 5 Tree Building  Chapter 9 
Apr 8 Tree Pruning  Chapter 9 
Apr 10 Kmeans Clustering  Chapter 10 
Apr 12 Associative Analysis  Chapter 11 
Apr 15 Apriori  Chapter 11 
Apr 17 FP Growth  Chapter 12 
Apr 19 Big Data/MapReduce/Hadoop  Chapter 15 
Apr 20 Reading Day   
Tuesday   
April 23   
1:00 p.m. 

Comprehensive Exam for 3 credits    

 
  


